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Pre-trained Model

Frozen

Carefully author an input

EDESI-HEET B 2 prompt or dialog to the model
b g 1-10 labeled examples
HEETIL All foundational models
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Pre-trained
Model
Frozen

Tuned
Adapter

Supervised model tuning can teach
model new skills and change its
behaviour

Text-bison, chat-bison, code-bison,
codechat-bison
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Pre-trained
Model
Frozen

Tuned
Adapter

Predict rewards consistent w/
preferences (e.g. thumbs
up/down), and align the model
behavior with the preference

5K-10K pairwise examples (A is
better than B) and 1K-3K
unlabeled prompts

Text-bison
T5-S, L, XL, and XXL, Llama2

Proprietary + Confidential

Distilling Step-by-Step

Update Student Model

Weights

Extracts rationales from larger
teacher models as additional
supervision for smaller student
models

Hundreds or thousands of of
unlabeled prompts

Teacher models: text-bison,
text-unicorn
Student model: text-gecko

Google
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Scenarios to use text model tuning

Prompt design works well when the desired output or task can be easily and concisely defined in a prompt and the
prompt consistently produces the desired output. Tuning is required when you want the model to learn something niche
or specific that deviates from general language patterns. For example, you can use model tuning to teach the model the
following:

» Specific structures or formats for generating output.
 Specific behaviors such as when to provide a terse or verbose output.

 Specific customized outputs for specific types of inputs.

Tune text models | Vertex Al | Google Cloud &Y
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https://cloud.google.com/vertex-ai/docs/generative-ai/models/tune-text-models
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ScalNN: The vector search service for Google Search, YouTube and Play

Achieving higher accuracy

with shorter latency

Speed (Queries per Second)
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Guess what movie I'm acting out. (BFADMEIZFERTHERS?)
Gemini: The Matrix (¥ k) o R 1213)

Nice! But which part specifically? Look at my body movements. (LM 13, THEDE RN 2 KD EEEHT)
Gemini: The part where Neo dodges bullets. (Neo A\ ZEE (5 —121)
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https://developers.googleblog.com/2023/12/how-its-made-gemini-multimodal-prom
ting.html
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