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(24) (20)
% =EX.-s Af p >15t + o - Etﬁtﬂ) (A18)
% (22)
(A18) (21) (23) (A18) (21)

(L+s S )xx +s X P, =EX,; +s XEP ., (A19)
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1 A -sA, 0 @ 06
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2 ° 1+s>¢x+s>k>¢p’§k 1+s f 4 go r's
(A22) (A1) (A2) E-stability
E-stability (A15)
(A17) a,
(A5) b
b (A3) Xis
Z MSV b
(A15) (A17)
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b fo fo (A27)
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